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riers, have seen their path planning technology play a key role in ensuring flight safety and improving mission effi-

ciency. Based on low-altitude airspace structure, typical application scenarios, and mission requirements, UAV path

planning strategies were divided into three categories: global, local, and hybrid. Their technical characteristics and

mission adaptability were systematically reviewed and analyzed, while a comparative evaluation was conducted from

the perspectives of computational complexity and environmental dynamics. Furthermore, the evolutionary process

and key mechanisms (such as collaborative obstacle avoidance and online optimization) of path planning technologies

were summarized. In light of the development needs of multi-source perception and communication coordination, fu-

ture research directions and challenges in this field were identified, aiming to provide theoretical support and method-

ological references for enhancing UAVs flight safety in low-altitude economic applications.

Key words: low-altitude economy, UAV, path planning, flight safety
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